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Numerous studies showing statistically signiﬁcant associations between environmental noise and adverse health effects already exist for short-term (over one day at most) and long-term (over a year or
more) noise exposure, both for morbidity and (albeit to a lesser extent) mortality. Recently, several
studies have shown this association to be independent from confounders, mainly those of air pollutants.
However, what has not been addressed is the problem of misalignment (i.e. the exposure data locations
and health outcomes have different spatial locations). Without any explicit control of such misalignment
inference is seriously compromised.
Our objective is to assess the long-term effects of trafﬁc noise on mortality in the city of Barcelona
(Spain) during 2004–2007. We take into account the control of confounding, for both air pollution and
socioeconomic factors at a contextual level and, in particular, we explicitly address the problem of
misalignment.
We employed a case-control design with individual data. We used deaths resulting from myocardial
infarction, hypertension, or Type II diabetes mellitus in Barcelona between 2004 and 2007 as cases for
the study, while for controls we used deaths (likewise in Barcelona and over the same period of time)
resulting from AIDS or external causes (e.g. accidental falls, accidental poisoning by psychotropic drugs,
drugs of abuse, suicide and self-harm, or injuries resulting from motor vehicle accidents). The controls
were matched with the cases by sex and age.
We used the annual average equivalent A-weighted sound pressure levels for daytime (7–21 h),
evening-time (21–23 h) and night-time (23–7 h), and controlled for the following confounders: i) air
pollutants (NO2, PM10 and benzene), ii) material deprivation (at a census tract level) and iii) land use and
other spatial variables. We explicitly controlled for heterogeneity (uneven distribution of both response
and environmental exposures within an area), spatial dependency (of the observations of the response
variables), temporal trends (long-term behaviour of the response variables) and spatial misalignment
(between response and environmental exposure locations). We used a fully Bayesian method, through
the Integrated Nested Laplace Approximation (INLA). Speciﬁcally, we plugged the whole model for the
exposure into the health model and obtained a linear predictor deﬁned on the entire spatial domain.
Separate analyses were carried out for men and for women.
After adjusting for confounders, we found that trafﬁc noise was associated with myocardial infarction
mortality along with Type II diabetes mellitus in men (in both cases, odds ratios (OR) were around 1.02)
and mortality from hypertension in women (ORs around 1.01). Nevertheless, only in the case of hypertension in women, does the association remain statistically signiﬁcant for all age groups considered
(all ages, Z 65 years and Z 75 years).
& 2016 Elsevier Inc. All rights reserved.
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1. Introduction
Environmental noise poses a very signiﬁcant risk to human
health and road trafﬁc has been identiﬁed as the major source of
noise exposure. It is estimated that every year in Europe there are
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at least 10,000 premature deaths due to exposure to noise (European Environmental Agency (EEA), 2015). In fact, the European
Union's Environmental Noise Directive (European Union, 2002)
deﬁnes a threshold of 55 decibels (dB) for day, evening and night
periods (in order to reduce ‘annoyance’) and of 50 dB for night
periods (in order to reduce sleep disturbance). However, the levels
at which adverse effects occur could be even lower. According to
the World Health Organization (WHO) (World Health Organization, 2009), there is a night noise guideline (NNG) threshold of 40
decibels (dB) which, when exceeded, is considered as having an
adverse effect on health. The European Environmental Agency
(EEA) points out that over 83 million Europeans are exposed to
levels of noise greater than 50 dB at night, mainly as a consequence of road trafﬁc (European Environmental Agency (EEA),
2014). This trafﬁc-related noise in Western Europe has resulted in
the loss of, at least, one million healthy life years every year (WHO
(World Health Organization), 2011). A recent meta-analysis indicates trafﬁc noise to be among the four environmental factors
that have the greatest impact on health, causing between 400 and
1500 disability-adjusted life years (DALY) per million in Europe
(Hänninen et al., 2014).
There are already numerous studies showing statistically signiﬁcant associations between environmental noise and adverse
health effects, both for morbidity (World Health Organization,
2009; WHO (World Health Organization), 2011; Hänninen et al.,
2014; Perron et al., 2012; Ising and Braun, 2000; van Kempen et al.,
2002; Schwela et al., 2005; Stansfeld et al., 2005; Niemann et al.,
2006; Babisch, 2008, 2006; Selander et al., 2009a; de Kluizenaar
et al., 2007; Babisch and van Kamp, 2009; Sørensen et al., 2011a,
2011b, 2014, 2013; van Kempen and Babisch, 2012; Babisch et al.,
2014a, 2014b; Foraster et al., 2014; Fuks et al., 2011; Dratva et al.,
2012; Ising et al., 2003, 2004a, 2004b; Linares et al., 2006; Tobias
et al., 2001; Eriksson et al., 2014; Schell et al., 2006; Dadvand et al.,
2014; De Roos et al., 2014; Halonen et al., 2015) and (to a lesser
extent) mortality (Halonen et al., 2015; Gan et al., 2012; KihalTalantikite et al., 2013; Tobías et al., 2015a, 2015b, 2014). These
health effects not only include sleep disturbance, (World Health
Organization, 2009; WHO (World Health Organization), 2011;
Perron et al., 2012) and/or psychological stress (Hänninen et al.,
2014), but also other adverse health effects including cardiovascular disease (WHO (World Health Organization), 2011; van
Kempen et al., 2002; Babisch, 2008, 2006; Selander et al., 2009a,
2014; Tobias et al., 2001; Sørensen et al., 2011, 2014; Halonen
et al., 2015) or mortality (Halonen et al., 2015; Gan et al., 2012;
Tobías et al., 2015b) as well as an increase in cardiovascular risk
factors such as hypertension (de Kluizenaar et al., 2007; Babisch
and van Kamp, 2009; Sørensen et al., 2011; van Kempen and Babisch, 2012; Babisch et al., 2014a, 2014b; Foraster et al., 2014; Fuks
et al., 2011; Dratva et al., 2012). Furthermore, respiratory diseases
(Ising et al., 2003, 2004a, 2004b; Linares et al., 2006; Tobias et al.,
2001) and mortality (Tobías et al., 2014), along with Type II diabetes, morbidity (Sørensen et al., 2013; Eriksson et al., 2014) and
mortality (Tobías et al., 2015a) and adverse pregnancy outcomes
such as low birth weight (Schell et al., 2006; Dadvand et al., 2014).
There is increasing evidence of a signiﬁcant association between ambient noise and serious cardiovascular events such as
ischaemic heart disease (World Health Organization, 2009;
Stansfeld et al., 2005; Babisch, 2008; Selander et al., 2009a; Gan
et al., 2012) and stroke (Sørensen et al., 2011, 2014; Halonen et al.,
2015). Furthermore, recent meta-analyses suggest a very likely
causal relationship between hypertension and aircraft (de Kluizenaar et al., 2007; Babisch and van Kamp, 2009) and/or road
trafﬁc noise (van Kempen and Babisch, 2012).
The pathophysiological mechanisms explaining such associations could well be related to the response to environmental noise.
This response is forwarded to the hypothalamus through the

limbic system in an endocrine process culminating in the release
of adrenaline, norepinephrine and, more importantly, cortisol in
the adrenal cortex. Exposure to noise causes disruptions to night
sleep and awakens electroencephalogram effects, causing a
shortage of deep and restful SWS (slow-wave sleep) sleep and
disrupting REM (rapid eye movement) sleep (Belojevic et al., 1997).
Decreased restful sleep time results in an increase in cortisol levels
the following day (Belojevic et al., 1997; Vgontzas et al., 1999; Ising
et al., 2004a). All of the studies observed individuals’ general
maladjustment to long-term night noise, which may lead to
chronicity in an overproduction of cortisol (Ising and Ising, 2002;
Maschke et al., 2002, 2003).
Hypercortisolemia is associated with the development of
atherosclerosis. In response to stress, cortisol activates the metabolism of adipose tissue in order to increase the available energy in
the body. Lipolysis of triglycerides increases the amount of fatty
acids in the arteries, favouring the irreversible accumulation of
plaques that, in turn, increase the risk of a cardiovascular event
through ischaemia or thrombosis (Samra et al., 1998; Spreng,
2000a, 2000b). It is also well known that hyperglycaemia resulting
from the overproduction of cortisol can lead to insulin resistance
and thus increase the risk of developing Type II diabetes (Sørensen
et al., 2013; Eriksson et al., 2014; Tobías et al., 2015a). High noise
levels activate the body's sympathetic nervous system, increasing
blood pressure, blood viscosity and vasoconstriction, all of which
leads to increased heart rate and blood lipids (Haralabidis et al.,
2008; DKV, 2012). Furthermore, it has been reported that, in children, an increase of cortisol concentration activates the hypothalamus–pituitary–adrenal axis, leading, in the long term, to an aggravation of respiratory diseases (Ising et al., 2003, 2004a, 2004b),.
For almost all of these adverse health events, close to 50% of the
studies made have focused on the effects of short-term (essentially
exposure over a day maximum) and the other ﬁfty centred on the
long-term (exposure over a year or more) effects (Niemann et al.,
2006; Selander et al., 2009a; Sørensen et al., 2011a, 2011b, 2014,
2013; Babisch et al., 2014a, 2014b; Foraster et al., 2014; Fuks et al.,
2011; Dratva et al., 2012; Ising et al., 2003, 2004a, 2004b; Eriksson
et al., 2014; Schell et al., 2006; Halonen et al., 2015; Gan et al.,
2012; Kihal-Talantikite et al., 2013) of high noise levels.
However, the independent association between trafﬁc noise
and adverse health effects has been questioned by the occurrence
of confounding, mainly by air pollutants (Beelen et al., 2009; Hart
et al., 2013; Schwela et al., 2005). Trafﬁc not only contributes to
80% of the environmental noise in a large city, but it is also the
main source of air pollution (Díaz et al., 2003). In Babisch et al.
(2014a, 2014b), for instance, mutual adjustment for PM2.5 and
trafﬁc noise led to associations (with hypertension) which, although positive, could no longer be considered statistically signiﬁcant. Likewise, Foraster et al. (2014) found inconsistent associations (with hypertension and high blood pressure) when considering outdoor trafﬁc noise, which is probably due to a high
degree of collinearity with NO2. Sørensen et al. (2014) found indications of a combined effect of both road trafﬁc and air pollution
(NO2) on the risk of stroke. Nevertheless, several recent studies
have shown an association between adverse health events, including mortality, and environmental noise (Ising and Braun,
2000), independent of the effect of the air pollutants that are
routinely measured. Niemann et al. (2006), for instance, argued
that the risk of respiratory diseases in children could actually be
caused by environmental noise rather than air pollution. Adverse
health events include cardiovascular events such as hypertension
(de Kluizenaar et al., 2007; Sørensen et al., 2011; Babisch et al.,
2014a, 2014b), high blood pressure (Fuks et al., 2011; Dratva et al.,
2012) and stroke (Halonen et al., 2015), respiratory diseases
(Niemann et al., 2006), as well as cause-speciﬁc mortality such as
cardiovascular disease (Halonen et al., 2015).
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On the other hand, it is also argued that an individual’s acceptance of environmental noise is determined by demographic
aspects, such as the length of time that an individual has lived in
their place of residence, as well as psychosocial factors such as the
level of sensitivity, and/or the individual’s attitude and personality
(Guski, 1999; Paunovic et al., 2009).
While individuals may become accustomed to a noisy environment, it would seem that this habituation can not be extended to actually having an effect on the cardiovascular system of
the individuals during night-time exposure (Muzet, 2002; Holzman, 2014). Clearly the longer the time an individual spends in a
noisy environment, the more accustomed they become to its noise
levels. In addition, becoming accustomed to a certain level of noise
depends on how adequate the level of acoustic insulation of the
home is and exactly what the noise level of the surrounding environment is. Both of these aspects are related to socioeconomic
factors, either individually or contextually. In fact, socioeconomic
variables in general and deprivation in particular, could aggravate,
modify or even confound the effect of environmental noise on
adverse health outcomes (Kihal-Talantikite et al., 2013).
There is also a signiﬁcant statistical problem that has not been
taken into account by epidemiological studies. Studies examining
the effects of environmental irritants on health (either air pollution or noise) face the challenge of attempting to assess the level of
exposure experienced. Ideally, measurements of personal exposure could be used, but data of this type are limited. Niemann
et al. (2006) and Ising et al. (2003) used questionnaires to assess
noise exposure on the individual level. In both questionnaires, the
study subjects (or their parents in the case of Niemann et al.
(2006)) answered speciﬁc questions regarding noise exposure.
These questions were then transformed into (ordinal) categorical
variables, rated from ‘none’ (i.e. no (Niemann et al., 2006) or low
(Ising et al., 2003) noise annoyance) to ‘extremely’ (i.e. extreme
(Niemann et al., 2006) or high exposure to noise (Ising et al.,
2003)). However, all the other studies assessing the long-term
effects of environmental noise have relied on spatial data designs
(Selander et al., 2009a; Sørensen et al., 2011a, 2011b, 2014, 2013;
Babisch et al., 2014a, 2014b; Foraster et al., 2014; Fuks et al., 2011;
Dratva et al., 2012; Ising et al., 2004a, 2004b, 2011, 2014, 2013;
Eriksson et al., 2014; Schell et al., 2006; Halonen et al., 2015; Gan
et al., 2012; Kihal-Talantikite et al., 2013). That is to say, measurements from the geographical region of the study are used to
assess environmental nuisance levels. Hence, exposure data and
health outcomes often have different spatial locations, so they are
‘misaligned’ (Gelfand, 2010) (also known as the ‘modiﬁable areal
unit’ or the ‘change of support’ problem (Gotway and Young, 2002;
Gelfand, 2010)). As with most air pollution studies, those assessing
the long-term effects of noise address the misalignment problem
(albeit only implicitly) using a two-stage modelling procedure, or a
plug-in approach, where predictions from an exposure model (ﬁrst
stage) are used as covariates in a health effect model (second
stage). Although predictions in a few cases are obtained from exposure models that explicitly incorporate spatial structure, even in
these cases the plug-in approach does not take into account the
uncertainty in the exposure predictions. This leads to a complex
form of measurement error, resulting in bias of the health effect
(Wannemuehler et al., 2009; Ingebrigtsen et al., 2015).
Our objective is to assess the long-term effects of trafﬁc noise
on mortality in the city of Barcelona (Spain) during 2004–2007. As
methodological challenges, we take into account the control of
confounding, both air pollution and socioeconomic factors at
contextual level and, in particular, we explicitly address the misalignment problem by using a method that provides consistent
and efﬁcient estimates of the effects of trafﬁc noise.
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2. 2. Methods
2.1. Design
We used a case-control design with individual data. As cases,
we used deaths from myocardial infarction (ICD-10: I21-I22), hypertension (ICD-10: I10-I15), and Type II diabetes mellitus (ICD-10:
E10-E14) which occurred in Barcelona between 2004 and 2007. As
controls, we used deaths that had occurred in the city over the
same period from AIDS (ICD-10: B20-B24, R75) or external causes
(accidental falls – ICD-10:W00-W19-; accidental poisoning by
psychotropic drugs and drugs of abuse – ICD-10: X41-X45, F11F12, F14-F16, F19-; suicide and self-harm – ICD-10:X60-X84; injury by motor vehicle accident – multiple ICD-10 codes).
Finally, our sample sizes were as follows: myocardial infarction
(6439 deaths), hypertension (4412 deaths) and Type II diabetes
mellitus (2670 deaths). The total number of controls was 6560.
Controls were matched 1:1 with cases by sex and age, choosing
them at random when the number of cases were fewer than the
total number of controls.
The information was obtained from death certiﬁcates collected
by the Catalan Mortality Register. We only considered the death
certiﬁcates of Barcelona city residents who died in the city between 2004 and 2007. Each certiﬁcate included the age, sex, the
(last) residential address and the underlying cause of the individual’s death. We georeferenced the residential addresses of all
the study subjects (at the side of the residential address).
2.2. Noise exposure
Trafﬁc noise assessment was based on the Barcelona City
Council's 2007 ofﬁcial noise map.
The Directive 2002/49/EC (Directive 2002/49/EC) on assessment and management of environmental noise, established the
need to make strategic noise maps for agglomerations of more
than 250,000 inhabitants. In our case this involved the cities of
Barcelona (with an area of 100.4 km2, 62 km2 of which correspond
to urban land) and Sant Adrià del Besos (located on the coast to the
north of and surrounded by Barcelona with an area of 3.87 km2, all
urban land). In Catalonia, strategic noise maps contain, at least,
information concerning the situation as to acoustic noise levels,
the estimated number of people located in an area exposed to
noise, and the map of acoustic capacity (Technical Memory, 2015).
Information on the existing noise situation allows noise sources
and levels to be distinguished. Directive 2002/49/EC calls for
strategic maps to be made according to the night-time level Ln,
and the index of noise immission day-evening-night Lden, which,
in turn, depends on Ld, the equivalent sound level determined over
the 14 h period between 7 am and 21 h (daytime) and over all the
day periods of a year; Le, the equivalent term determined in the
range between 21 h and 23 h (evening hours) and over all the
evening periods of a year; and Ln, the equivalent term determined
in the range between 23 h and 7 a.m. (night time) and over all the
night periods of a year (Technical Memory, 2015). The noise taken
into account was incident sound i.e. it did not include the noise
reﬂected at the façade of the dwelling under consideration, and
the height of the evaluation points was representative of 4 m
above the ground.
The estimate of the number of people located in an area exposed to noise was made by allocating the population located at
speciﬁc addresses to the noise level determined by the stretch of
road (in intervals of 100 m) to which the addresses belonged. If
there were houses assigned to an address whose façade was most
exposed to another street or to an area with a different level of
exposure to the actual address, the total population was distributed according to the exposed perimeter of the building
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façade. The population at risk was estimated for the Ln indicator in
the ranges of noise levels 50–55, 55–60, 60–65, 65–70 and
470 dB (A), and the population exposed to the Lden indicator in
55–60, 60–65, 65–70, 70–75 and 4 75 dB (A).
Two methods of analysis, simulation and measurement of actual levels were simultaneously applied to plot the cities' noise
levels and mark them onto the map of the city itself. The simulation method was used because of the trafﬁc levels from the
major road and rail infrastructures and the plot of the cities' main
roads. The calculations were carried out as recommended by the
methods contained in the European Directive 2002/49/EC (Directive 2002/49/EC). After obtaining the results of the modelling, they
were then compared with those obtained with sound level measurements in situ. Thus, the model was fed back with real data and
it was possible to calibrate some of the parameters of the model in
order to increase representativeness (Technical Memory, 2015). In
Barcelona not all houses have façades that directly face the street,
rather a considerable part of the population is exposed to noise
from the interior patios their homes are built around. In these
cases, the actual level of noise exposure was also estimated by the
simulation method. When not enough information concerning
vehicle transit was available to use simulation, or when there was
a great diversity of street types and activities, the actual noise
levels were measured. In order to obtain measurements of the
levels that could be representative of all the streets in the agglomeration, the number and location of measuring points were
chosen by their representativeness in relation to the characteristics of the urban plot (Technical Memory, 2015). In addition, the
measurements were made according to the different types of noise
sources: road trafﬁc, entertainment, shopping areas, industry and
trams.
In summary, a total of 2309 short (with a minimum duration of
15 min, only during the day) and 109 long (for at least 24 h, including morning, evening and night) duration periods, both based
on the two methods (simulation and measurement), are included
on the map (Plan to reduce noise pollution in the city of Barcelona,
2015) Data were mapped as isolines, drawn every 5 dB (A). Annual
average equivalent A-weighted sound pressure levels were calculated for daytime (7–21 h), evening-time (21–23 h) and night-time
(23–7 h).
2.3. Air pollution
Annual average daily levels of particulates (PM10) nitrogen dioxide (NO2) and benzene for 2001–2007 were obtained from the
10 monitoring stations in the Catalan Atmospheric Pollution Surveillance and Control Network (XVPCA), located within the city of
Barcelona. In fact, Barcelona is part of an Air Quality Area (ZQA,
acronym in Catalan). Within each ZQA, the geographical distribution of the monitoring stations is optimal in the sense that areas of
the same type (deﬁned by the degree of land use and the type of
emission sources) fall within the same area and thus a similar level
of immissions are covered by the monitoring station (Air Quality,
2015). In this case, data were collected as point processes located
at each of the stations.
To build the database (always before the analyses), we ‘assigned’ each study subject with the median of the annual levels of
air pollution at each of the monitoring stations from 2001 until the
year before his/her death. That is, for example, for an individual
who died in 2003 we ‘attached’ the median of the levels (annual
averages) of 2001 and 2002 for each of the three air pollutants
from each of the ten monitoring stations. Therefore, for this individual, we will have ten variables (each for each of the monitoring stations) for each of the three air pollutants. Each of these
variables has associated location coordinates of the corresponding
station.

2.4. Socioeconomic variables
As we did not have individual-level socioeconomic data we
used the contextual variable of disposable household income for
2007 (in fact, a deprivation index). Data were obtained from the
OpenDataBCN website (Territorial distribution of household income in Barcelona). The Barcelona City Council has divided Barcelona into 73 neighbourhoods (Calvo et al., 2007) for administrative and statistical purposes, thus the index was constructed for
each one using ﬁve socioeconomic indicators: i) unemployment
rate (computed as unemployed over resident population aged 16–
65 years), ii) the percentage of resident population aged 25 years
or more with a university degree, iii) cars per 1000 over total resident population, iv) cars more than 16 horsepower (hp) but less
than two years old over the total number of cars less than two
years old and v) private home resale prices (Calvo et al., 2007).
We assigned study subjects to one disposable household income quartile based on the neighbourhood they resided in.
2.5. Additional controls for environmental nuisance exposures
We tried to control for other types of environmental nuisance
exposures (i.e. other air pollutants, environmental noise not related to trafﬁc, etc), through land use variables and other spatial
variables (see Fig. 1). We believe that these variables, along with
the data obtained from the XVPCA air pollution network, would
approximate trafﬁc related air pollution more efﬁciently.
The Cartographic Institute of Catalonia (ICC) provided the cover
map of Catalonia (scale 1:250,000) for 2002 from which the land
use variable was obtained using classiﬁcation techniques according to legend and land use from the CORINE Land Cover project
and based on the visual interpretation of images from the Thematic Mapper (TM) sensor installed on the LANDSAT-5 satellite
(Chuvieco et al., 2010). In the city itself, only ﬁve categories of the
initial 22 occur: road infrastructure, residential, commercial and
service areas, industrial and mixed urban or built-up land.
We assigned the study subjects to one or other of the land use
categories according to their residential address.
Moreover, we included other variables, also with a spatial distribution (spatial variables hereinafter) that could have explained
some of the residual confounding not captured by the air pollutants or the land use variables. These spatial variables include
density (of population) of the census tract where the study subject
lived, the altitude of their residential address, and the distances (in
metres) from the study subject's residential address to: i) streets
with high density trafﬁc (on average more than 19,000 vehicles
per day during the week), ii) petrol stations, iii) green areas (parks
and gardens) and iv) industrial estates. Distances were constructed
by considering a geographical layer corresponding to 2002 for
each variable. The urban area and road layers were obtained from
the ICC through the Catalan Government's Department of Territory
and Sustainability. To obtain the new raster layers we used the
Euclidean distance function, included in the ArcGis10 Spatial
Analyst application. Then, we used the merge function of the
ArcGis10 Geoprocessing module, to combine these layers into one
single layer. The layers were continuous and deﬁned as raster
layers. We allowed the relationships between the response variables and spatial variables to be nonlinear. For this reason, all of
the spatial variables were categorized into quartiles.
Since distance to possible sources of noise (i.e. roads, industrial
sites, etc.) could act as an over ﬁtting, we also checked if not adjusting for these distances would have changed the results in any
way.
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Fig. 1. Additional spatial variables for environmental nuisance exposure.

2.6. Statistical analyses
For each of the speciﬁc causes of mortality, we speciﬁed generalised linear mixed models with binomial response (case or
control) and a logistic link,

individuals and those who are more mobile. In general, given the
low rate of activity compared with that of other European countries, women are more sedentary (at least on the neighbourhood
level), than men. Furthermore, older people are more sedentary
than younger ones.

⎛ Prob ( Yi = 1) ⎞
⎟⎟ = ηi
log ⎜⎜
⎝ 1 − Prob ( Yi = 1) ⎠

2.7. Addressing the misalignment problem

where Y denoted each of the response variables, myocardial infarction, hypertension, and Type II diabetes mellitus. The subscript
i denoted the study subject (0 for a control, 1 for a case, i.e. death
for each of the response variables) and η a linear predictor for
subject i.
For each subject, the linear predictor included those variables
that might explain the probability of being case: noise levels, air
pollutants (PM10, NO2 and benzene), disposable household income, land use, spatial variables (density, altitude and the four
distance variables) and the year in which the study subject died
(aiming to control temporal trends, if any). While noise levels were
introduced into the different models (that is to say, for each response variable, one model for a daytime noise level, another for
the evening and a third for night-time), air pollution (NO2, PM10
and benzene) levels along with all the other covariates were introduced into each of the models.
Analyses for men and women were made separately, with and
without stratifying by age (under 65, 65 years and over; 75 and
over). There are several reasons for such stratiﬁcation. First, there
is some evidence from previous literature of stronger associations
between noise exposure and adverse health effects among women
(Selander et al., 2009b), particularly for metabolic outcomes such
as Type II diabetes (Sørensen et al., 2013; Eriksson et al., 2014).
Second, we do not have any exposure measures individually. In
fact, the measure of exposure is ecological. Therefore, the exposure
will be different for individuals who are more sedentary

In our case, health data (i.e. the response variables) observed at
point locations (the residential addresses of the individuals) were
misaligned with the two main explanatory variables, air pollution
and noise levels, along with some of the confounders. In fact, there
are different types of misalignment depending on the spatial scale
and/or locations of the data: misalignment between point locations, between point locations and areal units, and between the
areal units themselves (Gelfand, 2010). Air pollution levels were
also collected at point locations, speciﬁcally at each one of the air
pollution monitoring stations. However, these locations did not
necessarily coincide with those of the response variables (in this
case, misalignment was between point locations). Noise levels
were recorded using a different spatial resolution (i.e. isolines
drawn every 5 dB (A)) to that of the response variables (in this
case, misalignment was between point locations and areal units).
As regards to confounders, socioeconomic variables were recorded
at a neighbourhood level, while density (of population) corresponded to the census tract where the study subject lived and land
use variables were obtained from a cover map of Catalonia (scale
1:250,000). All of these were misaligned between the point locations and areal units.
Wannemuehler et al. (2009) ﬁnd that when environmental
nuisance levels (in our case, noise and air pollution levels) exhibit
spatial variation across the study region, using exposure point
estimators such as, for instance, the arithmetic or inverse-distance
weighted average of several monitors or even estimates based on
one centrally located monitor or the nearest monitor, can lead to
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bias and the underestimation of the health effect of interest.
However, as we noted earlier, most studies do not use those point
estimators but rather a two-stage strategy, or a plug-in approach,
where, in the ﬁrst stage, an ‘exposure’ model is used to predict
environmental nuisance levels at points where the response is
observed. Typically, predictions are obtained from exposure
models that explicitly incorporate spatial structure (e.g. deterministic interpolation, Kriging, or land use regressions). In the second
stage, these predictions (of the environmental nuisance levels) are
used as covariates in a ‘health’ model, the model of interest.
The problem with the plug-in approach is that, unless the exposure model is perfectly speciﬁed (which almost never happens)
measurement error committed in the estimation of the parameters
is not random. This error is 'drawn' to the second stage via the
predictions. If the measurement error was random, then the estimators of the parameters of interest in the ‘health’ model (relative risks, for example) would be unbiased but inefﬁcient. That is
to say, their standard errors would be inﬂated and would result in
few statistically signiﬁcant associations being obtained (Barceló
et al., 2009). However, the measurement error is systematic and
can be decomposed into a Berkson-like component and a classicallike component (Gryparis et al., 2009; Szpiro et al., 2011; Szpiro
and Paciorek, 2013). The Berkson-like component is associated
with predicting the exposure. Generally, the predictions come
from a smoothed exposure surface, implying that the predicted
values are less variable than the unobserved truth. The classicallike component is associated with the uncertainty in estimating
exposure model parameters. Classical error induces biased parameter estimates, while Berkson error inﬂates their standard errors
(Szpiro et al., 2011). Thus, this complex form of measurement error
leads to biased and inconsistent (i.e. asymptotically biased) estimates and erroneous standard errors in the estimates of the
parameters. This results in the inference being greatly compromised. Therefore, in order to obtain correct health effect estimates,
this measurement error needs to be taken into consideration
(Gryparis et al., 2009; Szpiro et al., 2011; Szpiro and Paciorek,
2013; Ingebrigtsen et al., 2015).
Different methods for correcting the measurement error have
been proposed. First, if it were possible to correctly specify the
exposure model, the measurement error could be corrected by
using parametric bootstrapping (Madsen et al., 2008; Lopiano
et al., 2011; Szpiro et al., 2011). However, a correct representation
of the data generating mechanism for the true exposure is unrealistic. More recently, Szpiro and Paciorek (2013) suggested a
non-parametric bootstrap method to account for the extra variability induced by using predicted exposures as covariates in the
health model. They point out that the proposed error correction
method is robust for the misspeciﬁcation of the exposure model
and yields valid inference for the health effect parameter. The
exposure simulation approach (Gryparis et al., 2009) uses simulated exposures in an attempt to correct the variance of the plug-in
estimator. However, this approach (based on the classical measurement structure) produces biased estimates. The size of the
bias depends on the size of the variance in the measurement error.
Another error correction method is regression calibration (Carroll
and Stefanski, 1990; Carroll et al., 2006) where external validation
data (e.g. personal measurements) are used to adjust for measurement error (Gryparis et al., 2009; Szpiro et al., 2011; Szpiro
and Paciorek, 2013; Spiegelman, 2010, 2013). Gryparis et al. (2009)
point out that the regression calibration approach performed relatively well in a simulation study where they used different exposure scenarios and so they advocate for such a method because
it is convenient to implement. However, in terms of statistical efﬁciency, Bayesian methods (two-stage and fully Bayesian) are
better than the out-of-sample regression calibration. In a twostage Bayesian method, the interim posterior from the exposure

model is used as a prior distribution for the exposure in the health
model (Barceló et al., 2009; Gryparis et al., 2009). This accounts for
the extra uncertainty associated with predicting exposure at the
missing locations. A fully Bayesian method uses a joint modelling
approach for exposure and health data (Gryparis et al., 2009; Molitor et al., 2006; Kim et al., 2010). The joint Bayesian model adjusts
automatically for any measurement error caused by misalignment.
Gryparis et al. (2009) found that the Bayesian methods performed
well for continuous health outcomes and expected a similar performance for binary data, but because of the time-consuming
computations and the poor mixing of the Markov chain Monte
Carlo (MCMC) scheme, they did not pursue the Bayesian methods
in their simulation study with non-Gaussian health outcomes.
In this paper we used a consistent and efﬁcient method (Ingebrigtsen et al., 2015). We also used a fully Bayesian method,
however, as a result of computational problems, we did not use
MCMC but rather the Integrated Nested Laplace Approximation
(INLA) (Rue et al., 2009; Blangiardo et al., 2013), which is a computationally efﬁcient alternative to MCMC. Speciﬁcally, instead of
modelling exposure (i.e. noise and air pollutants) and health
variables in separate steps and plugging estimated exposures into
the health model, we plugged the whole model for the exposure
into the health model and obtained a linear predictor deﬁned on
the entire spatial domain. In the joint model uncertainty is propagated into the health model automatically (Ingebrigtsen et al.,
2015). Further detail can be found in the appendix.
2.8. Spatial adjustment
With spatial data, as is our case, it is necessary to distinguish
between two sources of extra variability, ‘spatial dependence’ or
clustering, and non-spatial heterogeneity (Barceló et al., 2009). To
take into account this extra-variability, we introduced some
structure into the model. Heterogeneity was captured by using a
random effect associated with the intercept. As before for spatial
dependency, we followed the work of Lindgren et al. (2011), and
speciﬁed a Matérn structure explicitly constructed through the
Stochastic Partial Differential Equation INLA approach (SPDE INLA)
(Lindgren et al., 2011).
2.9. Control for temporal trends
Temporal trends were controlled by including in the linear
predictor the year of the death of the study subject. This variable
was not introduced linearly, but nonparametrically through a
random effect associated with the trend and structured according
to a random walk of order one (The R INLA Project, 2015).
All analyses were made with the INLA library (R-INLA Project,
2015; Rue et al., 2009) available through the free software R
(version 3.1.0) (R Development Core Team, 2012).

3. Results
In 2004, the population of Barcelona stood at 1,578,546 inhabitants – 746,045 (47.26%) men and 832,501 (52.74%) women
(Statistical Institute of Catalonia, 2015). Those aged over 65 represented 17.28% or 128,917 men and 24.49% or 203,877 women.
Among those aged 75 or more, 7.47% were men and 12.99% were
women.
According to the Technical Memory of the Strategic Noise Map
of the Barcelonès I (Barcelona and Sant Adrià del Besós) (Technical
Memory, 2015), 44.9% of the population are exposed to noise levels below 65 dB (A), while of the remaining 55.1%, 27% are exposed to levels between 65 and 70 dB (A), 22.8% to levels between
70–75 dB (a) and 5.2% to levels above 75 dB (a).
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Table 1
Unadjusted comparison of cases and controls for noise exposure, air pollutants and deprivation index.
Myocardial infarction
Case
Men
Noise levels (dB)b
Day (7–21 h)
Evening (21–23 h)
Night (23–7 h)
Air pollution levels (μg/m3)b
PM10
NO2
Benzene
Deprivation indexc (Barcelona ¼ 100)
Women
Noise levels (dB)b
Day (7–21 h)
Evening (21–23 h)
Night (23–7 h)
Air pollution levels (μg/m3)b
PM10
NO2
Benzene
Deprivation indexc (Barcelona ¼ 100)

Control

Hypertension
p-valuea

Case

Type II diabetes Mellitus

Control

p-valuea

Case

Control

p-valuea

65.85
62.18
56.12

64.36
61.64
55.51

0.013
0.012
0.008

64.75
62.08
55.98

64.58
61.92
55.98

0.303
0.374
0.517

64.77
62.11
56.06

64.36
61.64
55.51

0.107
0.087
0.057

29.91
17.84
0.329
100.57

28.02
17.83
0.309
98.89

0.051
0.989
0.220
0.232

33.13
19.60
0.372
101.59

31.24
19.11
0.356
103.20

0.003
0.472
0.515
0.271

30.14
18.85
0.354
102.04

29.02
17.83
0.309
99.89

0.062
0.120
0.036
0.077

65.02
62.35
56.32

64.95
62.30
56.25

0.773
0.837
0.788

64.72
62.07
56.00

64.38
61.67
55.56

0.090
0.065
0.058

64.95
62.30
56.25

64.72
62.00
55.93

0.398
0.309
0.318

29.71
17.50
0.312
101.54

29.69
16.89
0.262
101.91

0.967
0.315
0.008
0.834

32.70
20.51
0.453
101.75

30.77
19.15
0.342
105.00

30.23
18.60
0.336
101.91

29.71
16.89
0.262
100.17

0.420
0.016
0.001
0.367

0.015
0.116
o 0.001
0.088

a

p-value of the test of mean differences (values at case locations vs. values at control locations), Student's t (bilateral).
For purely descriptive purposes, and always before the analyses, noise and air pollution levels were assigned to the study subject’s residential address using ordinary
Kriging.
c
Disposable household income (Barcelona ¼100) of the neighbourhood of the study subject’s residential address.
b

In 2008, the age-standardized mortality rate per 100,000 inhabitants was 1307 (men) and 709 (women). The mortality rates
for diseases of the circulatory system were 341.3 for men and 219.6
for women. The rates for endocrine, nutritional and metabolic
diseases reached 35.7 for men and 24.8 for women (Agència de
Salut Pública de Barcelona, 2015).
We show some descriptive results in Tables 1 and 2. For purely
descriptive purposes, and always before the analyses, noise and air
pollution levels were assigned to the study subject's residential
address using ordinary Kriging. In all cases, noise levels were
higher in the location of cases than in the location of controls
(Table 1). However, only in the case of men who died from myocardial infarction was the difference clearly statistically signiﬁcant
(p o0.05). In men who died from Type II diabetes mellitus and in
women who died from hypertension, the differences in the noise
levels between cases and controls were only marginally statistically signiﬁcant (p o0.1). The levels of PM10 were higher in the
cases' locations than in those of the controls in the case of hypertension (both sexes) and only marginally statistically signiﬁcant
in the cases of myocardial infarction and Type II diabetes mellitus
Table 2
Pearson correlation between and within noise exposure and air pollution variables.
Noise levels

Noise levels
Day (7–21 h)
Evening (21–
23 h)
Night (23–7 h)
Air pollution
levels
PM10
NO2
Benzene

Air pollution levels

Day (7–
21 h)

Evening
(21–23 h)

Night
(23–7 h)

PM10

NO2

Benzene

1
0.976

0.976
1

0.983
0.977

0.024
0.014

0.160
0.175

0.108
0.094

0.983

0.977

1

0.013

0.171

0.115

0.024
0.160
0.108

0.014
0.175
0.094

0.013
0.171
0.115

1
0.277
0.229

0.277
1
0.719

0.229
0.719
1

All the correlation coefﬁcients were statistically signiﬁcant (p o0.05). Student's t
(bilateral).

for men. The levels of benzene were always higher and statistically
signiﬁcant at the locations of female cases and at the locations of
those men who died from Type II diabetes mellitus. The levels of
NO2 were only statistically different between locations of cases
and controls in the case of women who died from Type II diabetes
mellitus. Finally, disposable household income was larger, although marginally signiﬁcant (p o0.1), in the neighbourhoods
with the cases of Type II diabetes mellitus in men and of the female controls with hypertension.
We show in Table 2, the correlations between the (explanatory)
variables of interest (i.e. noise and air pollution levels). Correlations between noise levels were very high (always above 0.9). In
fact, as depicted in Table 1, the average levels of noise (and standard deviations) are very similar between day, evening and night.
Noise, therefore, would seem to be very persistent in the city. As
regards to air pollutants, although all of them were statistically
different from zero, (at 95% conﬁdence level) they were small
between the air pollutants themselves and between the air pollutants and noise levels. There was one notable exception, the
levels of NO2 and benzene.
Spatial distribution of trafﬁc noise levels was similar for daytime, evening-time and night-time (Fig. 2). The highest levels were
concentrated, as expected, in areas with more trafﬁc, namely the
city centre and the peripheral and interior ring roads.
The results of the estimation are shown in Tables 3–5. Our
results were robust to various sensitivity analyses (for instance,
including and excluding distances to: i) streets with high density
trafﬁc, ii) petrol stations, iii) green areas and iv) industrial estates).
Noise levels were found to be statistically signiﬁcantly associated
with myocardial infarction in the case of men of all ages (Table 3).
No statistically signiﬁcant associations were found for men under
65 years old. In men aged 65 years and older, the noise levels in
the evening lost signiﬁcance and in men aged 75 years and older
only daytime noise levels were statistically signiﬁcantly associated,
although only at 90% of conﬁdence. Note that the odds ratios (OR)
appeared to follow a gradient (although credibility intervals CrI
hereinafter overlapped), higher during the daytime (for men of
any age, OR¼ 1.020, per 1 dB, 95% CrI: 1.010–1.042), somewhat
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Fig. 2. (a) Spatial distribution of noise levels in Barcelona, 2007. Daytime (7–21 h). (b) Spatial distribution of noise levels in Barcelona, 2007. Evening time (21–23 h).
(c) Spatial distribution of noise levels in Barcelona, 2007. Night-time (23–7 h).
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Table 3
Results of the estimates of odds ratio and 95% credibility intervals. Myocardial infarction mortality.

Table 4
Results of the estimates of odds ratio and 95% credibility intervals. Hypertension mortality.
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Table 5
Results of the estimates of odds ratio and 95% credibility intervals. Diabetes Mellitus type II mortality.

lower in the evening (OR ¼1.019, per 1 dB, 95% CrI: 1.010–1.039)
and the lowest being at night-time (OR¼ 1.018, per 1 dB, 95%
CrI:1.010–1.037). For women, noise levels were not found to be
statistically signiﬁcantly associated with mortality from myocardial infarction.
Mortality from hypertension was only found to be associated
with noise levels (day, evening and night) in the case of women in
all of the three age strata we considered. (Table 4). The odds ratios
for women of any age were quite similar. The odds ratios for women aged 75 years or older were somewhat smaller, but credibility
intervals overlapped in all cases. In this case there was also a
gradient in the ORs, but this time it was inverted, being higher at
night (OR: 1.016, per 1 dB, 95% CrI: 1.006–1.026, all ages; OR: 1.012,
per 1 dB, 95% CrI: 1.002–1.023, 75 years and older), followed by
evening (OR:1.014, per 1 dB, 95% CrI: 1.005–1.024, all ages; OR:
1.011, per 1 dB, 95% CrI: 1.001–1.021, 75 years and older) and lower
in the day (OR: 1.013, per 1 dB, 95% CrI: 1.004–1.023, all ages; OR:
1.010, per 1 dB, 95% CrI: 1.001–1.020, 75 years and older).
However, mortality from Type II diabetes mellitus was only
found to be associated with noise levels in the case of men (Table 5). The association was statistically signiﬁcant during the
daytime for men aged 65 years or older, during the evening for
men of any age and at night for men of any age and also in the
strata of those aged 65 and older. In other cases (in men), the
associations were only marginally signiﬁcant. The gradient with
decreasing OR from daytime to night-time only occurred for men
75 years or more, although it was marginally signiﬁcant.
Note that in all cases where we found statistically signiﬁcant
associations, noise levels increased the risk of death after adjustment for air pollutants and economic deprivation. In the case of
mortality from hypertension the air pollutant that was statistically
and signiﬁcantly associated was PM10. The lack of association between NO2 and the response variables could be related to the high
correlation between NO2 and benzene.
Deprivation was associated (also after adjustment for other
variables) with mortality, with the exception of mortality from
myocardial infarction in women and in men younger than 65

years. Note, however, as this association was not linear and not all
quartiles were statistically signiﬁcant. In all cases, the greater the
deprivation, the greater the increased risk of death. The ORs corresponding to deprivation were particularly high for men 65 years
or older who died from myocardial infarction or Type II diabetes
mellitus. In these cases, the ORs corresponding to the fourth
quartile (most deprived neighbourhoods) were two or three times
higher than the rest of ORs associated with deprivation (statistically signiﬁcant).

4. Discussion
After adjusting for confounders, we found that trafﬁc noise was
associated with myocardial infarction mortality, with Type II diabetes mellitus in men and with mortality from hypertension in
women. Note, however, this association only occurred ‘consistently’ in the case of mortality from hypertension in women.
In this sense, not all subjects are exposed to the same levels of
environmental noise. In fact, only those with lower mobility, that
is to say, those who spend more time at home or in any case
around their home, suffered. Our guess is that this group of people
could correspond to older women, particularly those aged 75 or
more. Furthermore, if there really was an adverse effect caused by
environmental noise, after adjustment for its confounders, it was
higher at night, a time when individuals are less accustomed to
noisy environments (Muzet, 2002; Holzman, 2014). To be more
precise, these two conditions only appeared in the association
between mortality from hypertension and environmental noise. In
the other cases, associations occurred in men under 75 years although they can be more mobile than older males and therefore
exposed to fewer episodes of environmental noise in their homes.
As mentioned above, recent meta-analyses suggested a very
likely causal relationship between road trafﬁc (van Kempen and
Babisch, 2012) and/or aircraft noise (de Kluizenaar et al., 2007;
Babisch and van Kamp, 2009) and hypertension. In van Kempen
and Babisch (2012) the combined odds ratio was 1.034 [95%
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conﬁdence interval (CI) 1.011–1.056] per 5 dB (A) increase of the
16 h average road trafﬁc noise level. Compare our estimates for
women aged 75 years and older, expressed by 5 dB (A) increases,
OR night-time (8 h, range 18.91–73.76 dB (A)): 1.062 (95%
CrI:1.012–1.114); OR evening time (2 h, range 25.83–76.53 dB (A)):
1.056 (95% CrI:1.007–1.106); OR daytime (14 h, range 35.86–
78.26 dB (A)): 1.052 (95% CrI:1.005–1.102).
Although there is less evidence, the estimates provided by the
literature on the association between environmental noise and the
incidence of Type II diabetes mellitus and myocardial infarction,
practically coincide with ours. Compare our ORs for the association
of environmental noise and Type II diabetes around 1.020, with a
relative risk equal to 1.011 per 1 dB increase in Sørensen et al.
(2013), and a cumulative incidence of diabetes of 3% in Eriksson
et al. (2014). In the same way, Selander et al. (2009a), for instance,
found an odds ratio of 1.01 for the association between noise and
myocardial infarction.
It is also worth noting that the effect of noise on mortality was
slightly higher than that of PM10. These results coincide with those
other studies found for the city of Madrid (Spain) which reveal
that the effects of both PM10 and environmental noise on mortality
are quite similar (Tobías et al., 2015c).
As the main limitation to our work, we had no explanatory
variables, apart from sex, age and the address of the subjects, at
the individual level. In particular, we cannot control for factors,
such as individual socioeconomic data, lifestyles and comorbidities
that may differ between cases and controls and also be related to
noise and air pollution. These factors may also act as confounders
or effect modiﬁers. Some of these factors could have been controlled by adjusting confounders we had, in particular by introducing the deprivation index, but also through the spatial
variables. However, it is likely that there was still some residual
confounding.
Among the uncontrolled confounders, we would like to point
out, as a second limitation, some meteorological variables particularly in temperature and atmospheric pressure. However, there
are three reasons we were unable to obtain them. First and foremost, we did not know the exact date of death of the cases, rather
we only knew the year of the death. Ascertaining this would have
involved using an annual average of these meteorological variables, which certainly made little sense. Second, in Barcelona there
are only four meteorological stations and two of them are located
on the outskirts of the city. Finally, there was little variability in
these variables in 2004–2007.
Nevertheless, we believe that the residual confounding was
controlled, at least to a large extent, by the spatial adjustment. In
fact, by introducing random effects we controlled both the heterogeneity (owing to unobserved confounders without a spatial
structure) and the spatial dependence (because of unobserved
confounders with a spatial structure).
As a third limitation, some of the causes of death taken as
controls may be indirectly related to exposure to environmental
noise. For instance, stress and aggression levels could be higher
with higher noise levels. This could lead to a greater number of
accidents. In this regard, there may be some bias (albeit small) in
the estimation of the health effects of high noise levels.
A fourth limitation is related to the data of the variable noise.
Studies in Madrid (Spain) (Tobías et al., 2015c) indicate that during
the period 2001–2010 a slightly downward trend was maintained,
so using 2007 data, as in our case, the worst case scenario would
be underestimating the exposure of the population.
As a ﬁfth limitation, the association between environmental
exposures and mortality is subject to (non-differential) missclassiﬁcation for several reasons including, i) we do not know how
many hours per day, if at all, the person stayed at their ofﬁcial
address, ii) we do not know how long they resided at this last
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address, iii) we have no information as to which ﬂoor the person
lived on, iv) neither do we know if the windows of their ﬂat faced
the street or were located at the back of the house, v) we have only
very indirect information about the building's noise insulation and
vi) although we have trafﬁc noise data at our disposal, we do not
have information concerning noise from other sources.
The sixth and ﬁnal limitation, as in any Bayesian analysis, was
that the choice of the prior distributions of model parameters (i.e.
priors) may have had a considerable impact on the results. However, we performed sensitivity analyses to assess how the prior on
the hyperparameters inﬂuenced the estimation results. First, by
increasing the precision (lowering the variance) and second, by
testing other priors different to those used by default in R INLA,
that is, log gamma with different shape and inverse-scales; uniform, centered half-normal and priors that penalise the complexity (Martins et al., 2015). In any case, we found no signiﬁcant
differences.
Despite the limitations, we can conclude that our results on the
long-term effects of trafﬁc noise on daily mortality, along the lines
of those of Hänninen et al. (2014), and our recent results for the
city of Madrid (Tobías et al., 2015a, 2015b, 2014), show that environmental noise should be considered a major pollutant. Hence,
trafﬁc noise control should be a priority in public health policy and
environmental decision-making. Some preventive measures
would be fairly easy to implement, i.e. a decrease in 0.5 dB
(A) could be achieved if 12% of the cars were electric vehicles
(Warburg et al., 2014).
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Appendix
The exposure ﬁeld was modelled as the spatial surface,

z (s ) = α + x (s ) s ∈ D
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where s denoted the spatial locations (of the exposures), D the
spatial domain, α was an intercept and x(.) a zero mean Gaussian
random ﬁeld with Matérn covariance function C(.,.). In particular,
for the covariance between locations u and v (in R2), we used the
parameterisation.

C (u, v) = σ 2 (κ‖v − u‖) K1 (κ‖v − u‖)
where ||.|| is the Euclidean distance; K1 is the modiﬁed Bessel
function of the second kind and ﬁrst order; κ is a positive scaling
parameter related to the spatial correlation range ρ; and s2 is the
marginal variance (Ingebrigtsen et al., 2015).
For the health model, we speciﬁed:

( )
g (μ ) = β

E Yih = μih
h

i

0

+ βz zih

where the superscript h denoted the values at locations without
exposure observations; Yih corresponded to the i-th observation of
the response variable; μih was the expected mean (conditional to
the explanatory variables); g() denoted a link function; β0 and βz
were unknown parameters; and zih was an exposure measurement
at the location sih .
Now, the joint linear predictor is deﬁned on the entire spatial
domain.
η (s ) = β + βz x (s )
s∈D
Here, the intercept was β ¼ β0 þ βzα, a combination of the
health model parameters β0 and βz, and the intercept in the exposure model α.
The two parts of the joint model were estimated simultaneously from the data. We used the Stochastic Partial Differential
Equation INLA approach (SPDE INLA) (Lindgren et al., 2011).
First, we used a discretisation of the spatial domain D into a
triangulated mesh by means of piecewise linear basis functions
and created a mapping of A from the mesh node locations to any
location s∈D. In particular, we created two mapping matrices: i)
one between the mesh and the health observation locations,
Aikh = φk (sih ) (the superscript h referred to the health component)
and ii) the other between the mesh and the exposure measurement locations, Aike = φk (sie ) (the superscript e referred to the exposure component). In vector form the linear predictors can now
be written as,

η h, jo int = β1 + β2 Ah w
ηe = α1 + Ae w
which in the latent Gaussian Markov Random Field (GMRF)
model framework translated into observations y* ¼(y,ze), linear
predictions η* ¼(ηh,joint, ηe), and latent ﬁeld x* ¼(β,α,w). Now, the
hyperparameters are βz, s2 and ρ. We used, as an initial choice for
the priors of the hyperparameters, those used by default in R INLA
(log gamma with shape equal to 1 and inverse-scale equal to
5e  05). However, we did conduct a sensitivity analysis as well,
choosing different priors and different parameters for them.

Conﬂicts of interest
There are no conﬂicts of interest for any of the authors. All
authors will disclose any actual or potential conﬂict of interest
including any ﬁnancial, personal or other relationships with other
people or organisations within three years of beginning the submitted work that could inappropriately inﬂuence or be perceived
to inﬂuence their work.

References
Agència de Salut Pública de Barcelona, 2015. Birth and Death in the City of Barcelona. Report 2000–2008 (in Catalan). Available at: 〈https://translate.google.es/?
hl ¼ca#es/en/Natalidad%20y%20mortalidad%20en%20la%20ciudad%20de%
20Barcelona.%20Informe%202000-2008〉 (last accessed 1.05.15).
Air Quality, 2015. Environment and Sustainability. Department of Territory and
Sustainability, Government of Catalonia. Available at: 〈http://mediambient.
gencat.cat/es/05_ambits_dactuacio/atmosfera/qualitat_de_laire/〉 (last accessed
25.04.15).
Babisch, W., van Kamp, I., 2009. Exposure-response relationship of the association
between aircraft noise and the risk of hypertension. Noise Health 11 (44),
161–168.
Babisch, W., Wolf, K., Petz, M., Heinrich, J., Cyrys, J., Peters, A., 2014a. Associations
between trafﬁc noise, particulate air pollution, hypertension, and isolated
systolic hypertension in adults: the KORA study. Environ. Health Perspect. 122
(5), 492–498.
Babisch, W., Wölke, G., Heinrich, J., Straff, W., 2014b. Road trafﬁc noise and hypertension – accounting for the location of rooms. Environ. Res. 133, 380–387.
Babisch, W., 2006. Transportation Noise and Cardiovascular Risk. Review and
Synthesis of Epidemiological Studies. Dose-effect Curve and Risk Estimation.
WaBoLu-Hefte 01/06. Available at: 〈http://www.bruit.fr/images/stories/pdf/ba
bisch_transportation_noise_cardiovascular_risk.pdf〉 (last accessed 23.12.14).
Babisch, W., 2008. Road trafﬁc noise and cardiovascular risk. Noise Health 10 (38),
27–33.
Barceló, M.A., Saez, M., Saurina, C., 2009. Spatial variability in mortality inequalities,
socioeconomic deprivation, and air pollution in small areas of the Barcelona
Metropolitan Region, Spain. Sci. Total Environ. 407 (21), 5501–5523.
Beelen, R., Hoek, G., Houthuijs, D., van den Brandt, P.A., Goldbohm, R.A., Fischer, P.,
Schouten, L.J., Armstrong, B., Brunekreef, B., 2009. The joint association of air
pollution and noise from road trafﬁc with cardiovascular mortality in a cohort
study. Occup. Environ. Med. 66 (4), 243–250.
Belojevic, G., Jakovljevic, B., Aleksic, O., 1997. Subjective reactions to trafﬁc noise
with regard to some personality traits. Environ. Int. 23 (2), 221–226.
Blangiardo, M., Cameletti, M., Baio, G., Rue, H., 2013. Spatial and spatio-temporal
models with R-INLA. Spat. Spatio-Temporal Epidemiol. 4, 33–49.
Calvo, M.J., Güell, X., Salabert, J., 2007. Territorial Distribution of Income Per Capita
in Barcelona. Ajuntament de Barcelona, Barcelona (in Spanish).
Carroll, R.J., Stefanski, L.A., 1990. Approximate quasi-likelihood estimation in
models with surrogate predictors. J. Am. Stat. Assoc. 85 (411), 652–663.
Carroll, R.J., Ruppert, D., Stefanski, L.A., Crainiceanu, C.M., 2006. Measurement Error
in Nonlinear Models: A Modern Perspective, 2nd ed. Chapman and Hall/CRC,
Boca-Raton, Florida, USA.
Chuvieco, E., Aguado, I., Yebra, Y., Nieto, H., Salas, J., Martín, M.P., Vilar, L., Martínez,
J., Martín, S., Ibarra, P., Riva, J., Baeza, J., Rodríguez, F., Molina, J.R., Herrera, M.A.,
Zamora, R., 2010. Development of a framework for ﬁre risk assessment using
remote sensing and geographic information system technologies. Ecol. Model.
221 (1), 46–58.
Dadvand, P., Ostro, B., Figueras, F., Foraster, M., Basagaña, X., Valentín, A., Martinez,
D., Beelen, R., Cirach, M., Hoek, G., Jerrett, M., Brunekreef, B., Nieuwenhuijsen,
M.J., 2014. Residential proximity to major roads and term low birth weight: the
roles of air pollution, heat, noise, and road-adjacent trees. Epidemiology 25 (4),
518–535.
de Kluizenaar, Y., Gansevoort, R.T., Miedema, H.M., de Jong, P.E., 2007. Hypertension
and road trafﬁc noise exposure. J. Occup. Environ. Med. 49 (5), 484–492.
De Roos, A.J., Koehoorn, M., Tamburic, L., Davies, H.W., Brauer, M., 2014. Proximity
to trafﬁc, ambient air pollution, and community noise in relation to incident
rheumatoid arthritis. Environ. Health Perspect. 22 (10), 1075–1080.
Directive 2002/49/EC of the European Parliament and of the Council of 25 June
2002 Relating to the Assessment and Management of Environmental Noise.
Available at: 〈http://eur-lex.europa.eu/legal-content/EN/TXT/?uri ¼ CELEX%
3A32002L0049〉 (last accessed 26.12.15).
DKV, 2012. Noise and health (in Spanish). Observatorio de Salud y Medio Ambiente
3.
Dratva, J., Phuleria, H.C., Foraster, M., Gaspoz, J.M., Keidel, D., Künzli, N., Liu, L.J.,
Pons, M., Zemp, E., Gerbase, M.W., Schindler, C., 2012. Transportation noise and
blood pressure in a population-based sample of adults. Environ. Health Perspect. 120 (1), 50–55.
Díaz, J., López, C., Tobías, A., Linares, C., 2003. The risks of living loud. Results of a
European study (in Spanish). Rev. Interdicip. Gest. Ambient. 58, 23–32.
Eriksson, C., Hilding, A., Pyko, A., Bluhm, G., Pershagen, G., Östenson, C.G., 2014.
Long-term aircraft noise exposure and body mass index, waist circumference,
and type-2 diabetes: a prospective study. Environ. Health Perspect. 122 (7),
687–694.
European Environmental Agency (EEA), 2014. Noise in Europe. EEA Report No. 10/
2014. European Environment Agency, Copenhagen.
European Environmental Agency (EEA), 2015. Noise. Available at: 〈http://www.eea.
europa.eu/soer-2015/europe/noise〉 (last accessed 25.04.15).
European Union, 2002. Directive 2002/49/EC of the European Parliament and of the
Council of 25 June 2002, Relating to the Assessment and Management of Environmental Noise.
Foraster, M., Künzli, N., Aguilera, I., Rivera, M., Agis, D., Vila, J., Bouso, L., Deltell, A.,
Marrugat, J., Ramos, R., Sunyer, J., Elosua, R., Basagaña, X., 2014. High blood
pressure and long-term exposure to indoor noise and air pollution from road
trafﬁc. Environ. Health Perspect. 122 (11), 1193–1200.

M.A. Barceló et al. / Environmental Research 147 (2016) 193–206

Fuks, K., Moebus, S., Hertel, S., Viehmann, A., Nonnemacher, M., Dragano, N.,
Möhlenkamp, S., Jakobs, H., Kessler, C., Erbel, R., Hoffmann, B., Heinz Nixdorf
Recall Study Investigative Group, 2011. Long-term urban particulate air pollution, trafﬁc noise, and arterial blood pressure. Environ. Health Perspect. 119
(12), 1706–1711.
Gan, W.Q., Davies, H.W., Koehoorn, M., Brauer, M., 2012. Association of long-term
exposure to community noise and trafﬁc-related air pollution with coronary
heart disease mortality. Am. J. Epidemiol. 175 (9), 898–906.
Gelfand, A.E., 2010. Misaligned Spatial Data: The Change of Support Problem. In:
Gelfand, A.E., Diggle, P.J., Fuentes, M., Guttorp, P. (Eds.), Handbook of Spatial
Statistics. Taylor & Francis, Boca Raton, Florida.
Gotway, C., Young, L., 2002. Combining incompatible spatial data. J. Am. Stat. Assoc.
97 (458), 632–648.
Gryparis, A., Paciorek, C.J., Zeka, A., Schwartz, J., Coull, B.A., 2009. Measurement
error caused by spatial misalignment in environmental epidemiology. Biostatistics 10 (2), 258–274.
Guski, R., 1999. Personal and social variables as co-determinants of noise annoyance. Noise Health 1 (3), 45–56.
Halonen, J.I., Hansell, A.L., Gulliver, J., Morley, D., Blangiardo, M., Fecht, D., Toledano,
M.B., Beevers, S.D., Anderson, H.R., Kelly, F.J., Tonne, C., 2015. Road trafﬁc noise
is associated with increased cardiovascular morbidity and mortality and allcause mortality in London. Eur. Heart J. 36 (39), 2653–2661.
Haralabidis, A.S., et al., 2008. Acute effects of night-time noise exposure on blood
pressure in populations living near airports. Eur. Heart J. 29 (5), 658–664.
Hart, J.E., Rimm, E.B., Rexrode, K.M., Laden, F., 2013. Changes in trafﬁc exposure and
the risk of incident myocardial infarction and all-cause mortality. Epidemiology
24, 734–742.
Holzman, D.C., 2014. Fighting noise pollution. A public health strategy. Environ.
Health Perspect. 122 (2), A58.
Hänninen, O., Knol, A.B., Jantunen, M., Lim, T., Conrad, A., Rappolder, M., Carrer, P.,
Fanetti, A.C., Kim, R., Buekers, J., Torfs, R., Lavarone, I., Classen, T., Hornberg, C.,
Mekel, O.C., EBoDE Working Group, 2014. Environmental burden of disease in
Europe: assessing nine risk factors in six countries. Environ. Health Perspect.
122 (5), 439–446.
Ingebrigtsen, R., Steinsland, I., Cirera, Ll, Saez, M., 2015. Spatially misaligned data
and the impact of monitoring network on health effect estimates (Doctoral
thesis at NTNU). In: Ingebrigtsen, R. (Ed.), Bayesian Spatial Modelling of NonStationary Processes and Misaligned Data Utilising Markov Properties for
Computational Efﬁciency. Norwegian University of Science and Technology.
Ising, H., Braun, C., 2000. Acute and chronic endocrine effects of noise: review of
the research conducted at the institute for water, soil and air hygiene. Noise
Health 2 (7), 7–24.
Ising, H., Ising, M., 2002. Chronic cortisol increases in the ﬁrst half of the night
caused by road trafﬁc noise. Noise Health 4 (16), 13–21.
Ising, H., Lange-Asschenfeldt, H., Lieber, G.F., Weinhold, H., Eilts, M., 2003. Respiratory and dermatological diseases in children with long-term exposure to
road trafﬁc immissions. Noise Health 5 (19), 41–50.
Ising, H., Lange-Asschenfeldt, H., Moriske, H.J., Born, J., Eilts, M., 2004a. Low frequency noise and stress: bronchitis and cortisol in children exposed chronically
to trafﬁc noise and exhaust. Noise Health 6 (23), 21–28.
Ising, H., Lange-Asschenfeldt, H., Lieber, G.F., Moriske, H.J., Weinhold, H., 2004b.
Exposure to trafﬁc-related air pollution and noise and the development of respiratory systems in children. J. Child. Health 2 (2), 145–157.
Kihal-Talantikite, W., Padilla, C.M., Lalloue, B., Rougier, C., Defrance, J., Zmirou-Navier, D., Deguen, S., 2013. An exploratory spatial analysis to assess the relationship between deprivation, noise and infant mortality: an ecological study.
Environ. Health 12, 109.
Kim, J.I., Lawson, A.B., McDermott, S., Aelion, C.M., 2010. Bayesian spatial modelling
of disease risk in relation to multivariate environmental risk ﬁelds. Stat. Med.
29 (1), 142–157.
Linares, C., Diaz, J., Tobias, A., De Miguel, J.M., Otero, A., 2006. Impact of urban air
pollutants and noise levels over daily hospital admissions in children in Madrid: a time series analysis. Int. Arch. Occup. Environ. Health 79 (2), 143–152.
Lindgren, F., Rue, H., Lindström, J., 2011. An explicit link between Gaussian ﬁelds
and Gaussian Markov random ﬁelds: the stochastic partial differential equation
approach (with discussion). J. R. Stat. Soc. Ser. B 73 (4), 423–498, Available at:
(last accessed 2.01.15) http://www.math.ntnu.no/  hrue/spde-jrssb.pdf.
Lopiano, K.K., Young, L.J., Gotway, C.A., 2011. A comparison of errors in variables
methods for use in regression models with spatially misaligned data. Stat.
Methods Med. Res. 20 (1), 29–47.
Madsen, L., Ruppert, D., Altman, N.S., 2008. Regression with spatially misaligned
data. Environmetrics 19 (5), 453–467.
Martins, T.G., Simpson, D.P., Riebler, A., Fuglstad, G.A., Rue, H., Sørbye, S.H., 2015.
Penalising Model Component Complexity: A Principled, Practical Approach to
Constructing Priors. arxiv:1403.4603. Available at: 〈http://xxx.tau.ac.il/pdf/
1403.4630.pdf〉 (last accessed 3.01.15).
Maschke, C., Harder, J., Ising, H., Hecht, K., Thierfelder, W., 2002. Stress hormone
changes in persons under simulated night noise exposure. Noise Health 5 (17),
35–45.
Maschke, C., 2003. Excretion of cortisol under nocturnal noise and differences due
to analytic techniques. Noise Health 5 (17), 47–52.
Molitor, J., Molitor, N.T., Jerrett, M., McConnell, R., Gauderman, J., Berhane, K.,
Thomas, D., 2006. Bayesian modeling of air pollution health effects with
missing exposure data. Am. J. Epidemiol. 164 (1), 69–76.
Muzet, A., 2002. The need for a speciﬁc noise measurement for population exposed
to aircraft noise during night-time. Noise Health 4 (15), 61–64.

205

Niemann, H., Bonnefoy, X., Braubach, M., Hecht, K., Maschke, C., Rodrigues, C.,
Röbbel, N., 2006. Noise-induced annoyance and morbidity results from the
pan-European LARES study. Noise Health 8 (31), 63–79.
Paunovic, K., Jakovljevic, B., Belojevic, G., 2009. Predictors of noise annoyance in
noisy and quiet urban streets. Sci. Total Environ. 407 (12), 3707–3711.
Perron, S., Tétreault, L.-F., King, N., Plante, C., Smargiassi, A., 2012. Review of the
effect of aircraft noise on sleep disturbance in adults. Noise Health 14, 58–67.
Plan to Reduce Noise Pollution in the City of Barcelona (in Catalan), 2015. Available
at: 〈http://w110.bcn.cat/portal/site/MediAmbient/menuitem.37ea1e76
b6660e13e9c5e9c5a2ef8a0c/?
vgnextoid¼90e5a3b1d5a7d210VgnVCM10000074fea8c0RCRD&vgnextchanne
l¼ 90e5a3b1d5a7d210VgnVCM10000074fea8c0RCRD&lang ¼ es_ES〉 (last accessed 25.04.15).
R Development Core Team, 2012. R: A Language and Environment for Statistical
Computing. R Foundation for Statistical Computing, Vienna, Austria, ISBN: 3900051-07-0, Available at: http://cran.r-project.org/index.html.
R-INLA Project, 2015. Available at: 〈http://www.r-inla.org/〉 (last accessed 2.01.15).
Rue, H., Martino, S., Chopin, N., 2009. Approximate Bayesian inference for latent
Gaussian models by using integrated nested Laplace approximations (with
discussion). J. R. Stat. Soc. Ser. B 71 (2), 319–392, Available at: (last accessed
2.01.15) http://www.math.ntnu.no/  hrue/r-inla.org/papers/inla-rss.pdf.
Samra, J.S., Clark, M.L., Humphreys, S.M., MacDonald, I.A., Bannister, P.A., Frayn, K.
N., 1998. Effects of physiological hypercorticosolemia on the regulation of lipolysis in subcutaneous adipose tissue. J. Clin. Endocrinol. Metab. 83 (2),
626–663.
Schell, L.M., Gallo, M.V., Denham, M., Ravenscroft, J., 2006. Effects of pollution on
human growth and development: an introduction. J. Physiol. Anthropol. 25 (1),
103–112.
Schwela, D., Kephalopoulos, S., Prasher, D., 2005. Confounding or aggravating factors in noise-induced health effects: air pollutants and other stressors. Noise
Health 7 (28), 41–50.
Selander, J., Nilsson, M.E., Bluhm, G., Rosenlund, M., Lindqvist, M., Nise, G., Pershagen, G., 2009a. Long-term exposure to road trafﬁc noise and myocardial
infarction. Epidemiology 20 (2), 272–279.
Selander, J., Bluhm, G., Theorell, T., Pershagen, G., Babisch, W., Seiffert, I., Houtyhuijd, F., Breugelmans, O., Vigna-Taglianti, F., Antoniotti, M.C., Velonakis, E.,
Davou, E., Dudley, M.L., Järup, L., HYENA Consortiuim, 2009b. Saliva cortisol and
exposure to aircraft noise in six European countries. Environ. Health Perspect.
117 (11), 1713–1717.
Spiegelman, D., 2010. Approaches to uncertainty in exposure assessment in environmental epidemiology. Annu. Rev. Public Health 31, 149–163.
Spiegelman, D., 2013. Regression calibration in air pollution epidemiology with
exposure estimated by spatio-temporal modelling. Environmetrics 24 (8),
521–524.
Spreng, M., 2000a. Central nervous system activation by noise. Noise Health 2 (7),
49–57.
Spreng, M., 2000b. Possible health effects of noise induced cortisol increase. Noise
Health 2 (7), 59–64.
Stansfeld, S.A., Berglund, B., Clark, C., Lopez-Barrio, I., Fischer, P., Ohrstrom, E.,
Haines, M.M., Head, J., Hygge, S., van Kamp, I., Berry, B.F., RANCH Study Team,
2005. Aircraft and road trafﬁc noise and children's cognition and health: a
cross-national study. Lancet 365 (9475), 1942–1949.
Statistical Institute of Catalonia, 2015. IDESCAT. Available at: 〈http://www.idescat.
cat/〉 (last accessed 15.08.2015).
Szpiro, A.A., Paciorek, C.J., 2013. Measurement error in two-stage analyses, with
application to air pollution epidemiology (with discussion). Environmetrics 24,
501–517, discussion:518-536.
Szpiro, A.A., Sheppard, L., Lumley, T., 2011. Efﬁcient measurement error correction
with spatially misaligned data. Biostatistics 12 (4), 610–623.
Sørensen, M., Hvidberg, M., Hoffmann, B., Andersen, Z.J., Nordsborg, R.B., Lillelund,
K.G., Jakobsen, J., Tjønneland, A., Overvad, K., Raaschou-Nielsen, O., 2011. Exposure to road trafﬁc and railway noise and associations with blood pressure
and self-reported hypertension: a cohort study. Environ. Health 10, 92.
Sørensen, M., Hvidberg, M., Andersen, Z.J., Nordsborg, R.B., Lillelund, K.G., Jakobsen,
J., Tjønneland, A., Overvad, K., Raaschou-Nielsen, O., 2011. Road trafﬁc noise and
stroke: a prospective cohort study. Eur. Heart J. 32, 737–744.
Sørensen, M., Andersen, Z.J., Nordsborg, R.B., Becker, T., Tjønneland, A., Overvad, K.,
Raaschou-nielsen, O., 2013. Long-term exposure to road trafﬁc noise and incident diabetes: a cohort study. Environ. Health Perspect. 121 (2), 217–222.
Sørensen, M., Lühdorf, P., Ketzel, M., Andersen, Z.J., Tjønneland, A., Overvad, K.,
Raaschou-Nielsen, O., 2014. Combined effects of road trafﬁc noise and ambient
air pollution in relation to risk for stroke? Environ. Res. 133, 49–55.
Technical Memory, 2015. Strategic Noise Map. Barcelonès I (in Catalan) Available at:
〈http://mediambient.gencat.cat/web/.content/home/ambits_dactuacio/atmos
fera/contaminacio_acustica/gestio_ambiental_del_soroll/mapes_de_soroll/
mapes_estrategics_de_soroll/mapes_d_aglomeracions/memories/mes_bcn_i.
pdf〉 (last accessed 26.12.15).
Territorial Distribution of Household Income in Barcelona. Open DataBCN. Open
Datasets. Open Data Service of the City of Barcelona. Available at: 〈http://
opendata.bcn.cat/opendata/en/cataleg/〉 (last accessed 25.12.15).
The R INLA project. Random walk model or order 1 (RW1), 2015. Available at:
〈http://www.math.ntnu.no/inla/r-inla.org/doc/latent/rw1.pdf〉, (last accessed on
2.1.15).
Tobias, A., Diaz, J., Saez, M., Alberdi, J.C., 2001. Use of Poisson regression and BoxJenkins models to evaluate the short-term effects of environmental noise levels
on daily emergency admissions in Madrid, Spain. Eur. J. Epidemiol. 17 (8),

206

M.A. Barceló et al. / Environmental Research 147 (2016) 193–206

765–771.
Tobías, A., Recio, A., Díaz, J., 2014. Does trafﬁc noise inﬂuence respiratory mortality?
Eur. Respir. J. 44 (3), 797–799.
Tobías, A., Recio, A., Díaz, J., 2015a. Trafﬁc noise and risk of mortality from diabetes.
Acta Diabetol. 52 (1), 187–188.
Tobías, A., Recio, A., Díaz, J., Linares, C., 2015b. Noise levels and cardiovascular
mortality: a case-crossover analysis. Eur. J. Prev. Cardiol. 22 (4), 496–502.
Tobías, A., Recio, A., Díaz, J., Linares, C., 2015c. Health impact assessment of trafﬁc
noise. Environ. Res. 137, 136–140.
van Kempen, E., Babisch, W., 2012. The quantitative relationship between road
trafﬁc noise and hypertension: a meta-analysis. J. Hypertens. 30, 1075–1086.
van Kempen, E.E., Kruize, H., Boshuizen, H.C., Ameling, C.B., Staatsen, B.A., de Hollander, A.E., 2002. The association between noise exposure and blood pressure
and ischemic heart disease: a meta-analysis. Environ. Health Perspect. 110 (3),
307–317.
Vgontzas, A.N., Mastorakos, G., Bixler, E.O., Kales, A., Gold, P.W., Chrousos, G.P.,

1999. Sleep deprivation effects on the activity of the hypothalamic–pituitary–
adrenal and growth axes: potential clinical implications. Clin. Endocrinol. 51
(2), 205–215.
Wannemuehler, K., Lyles, R., Waller, L., Hoekstra, R., Klein, M., Tolbert, P., 2009. A
conditional expectation approach for associating ambient air pollutant exposures with health outcomes. Environmetrics 20 (7), 877–894.
Warburg, N., Forell, A., Guillon, L., Teulón, H., Canaguuier, B., 2014. Development
According to the Principles of LCA of Energy Balances, Gas Emissions Greenhouse and Other Environmental Impacts. ADEME Agence de l’Environnement
et de la Maitrise de l’Energie, Paris, France (in French).
WHO (World Health Organization), 2011. Burden of Disease from Environmental
Noise. Quantiﬁcation of Healthy Life Years Lost in Europe. WHO European
Center for Environmental and Health, Bonn Ofﬁce and WHO Regional Ofﬁce for
Europe, Copenhagen.
World Health Organization, 2009. Night Noise Guidelines for Europe. WHO Regional Ofﬁce for Europe, Denmark.

